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Hybrid Architecture:

Fitting the data better
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z = f(x; y) is composed of �ve clusters and a sigmoidal surface.

� Data complexity: not homogenous across regions

� Linear, Sigmoidal and Gaussian regions

Requires a divide and conquer approach with di�erent com-

plexity architecture.

rbfbp



Type of hidden units
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MLP and RBF are complimentary units

"A function can be decomposed into mutually

exclusive radial and projection based parts"

(Donoho and Johnstone, 89)
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Unit type Selection
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Left: RBF, right: ridge (positive and negative)

Hidden unit weights

� RBF unit: set center at the maximum point of the subspace.

� Projection unit: set the weight vector to be normalized and

maximal at the maximum point of the subspace.
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Hybrid Net Regression Results
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